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Abstract: Due to dissatisfactory resulls of segmenting the images corrupted by serious noise, a new mod-
el coupling denoising and segmentation is proposed. The image is denoised by a fused denoising model,
then the denoised image is segmented by a novel segmentation model. Experimental results show that the

proposed denoising model (by using AOS schemes) is better than some traditional denoising model .

Moreover the excellent segmentation results of some high-noise images show that the proposed model cou-
pling denoising and segmentation is effective and reliable and it has an advantage over CV model in seg-
mentation. ‘
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Fig. 1 The noisy “Panda” images corrupted by salt-and-pepper noise with noise level 15%

The corresponding denoised results by different methods
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Fig. 2 The noisy “cerebral hemorrhagic” CT images corrupted by salt-and-pepper noise plus poisson noise

() FIROFIT L AB0U Mt (A SO R ST L

The corresponding denoised results by different methods
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Fig.3 The noisy “bird” images corrupted by salt-and-pepper noise with noise level 20%

The corresponding segmented results by different methods
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Fig. 4 The noisy “cerebral abscess” images corrupted by poisson noise

The corresponding segmented results by CV model and proposed methods



10 FliEsE R (BRI

w48 %

B 5 20— I e A ESOR IR A s (5% 1
FhWEFE 5 Poisson MEFS IR A) S5, 4 HA SO
L5 CV RS RIG 25 5 LA, Wb 5 12 FHAR R
HURTIEZE . 2.5, MFRMRRE: B =1,8, =2,
mw=15,v=5;¢=5,HCVIFENE 60 A
FAZS L7 258 30 YR 40 15 R4 BIFEIT 18.92 s

(@) HCVELEL 5 600 (WHCVEIRS} 12000

M17.27 s, W CV J5 ks3] 200 WA S5 1%
F2 0 30 YR 100 YRAMFIEERT 57. 70 s 71 58. 83 s
R PR ZH AR 22 A5 22 18 R ) 0 1 1 - 80 45 S b 2%
sk, T CV PR MBS T8 40 ) EL5 e 7 2 1
rEVEAR, T FHAS SO R 52 L T 4

SO EEME30R A E 15 (DAICITIE R0 4#] 1001k

K5 R CV B SAIO EX SR AW (5% MU 5 Poisson MEFT) AOBEIE R0 4 S5

Fig.5 The noisy “flower” images corrupled by mixed noise ( salt-and-pepper noise with noise level 5% plus

poisson noise). The corresponding segmented results by CV model and proposed method
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